A table on work on summarization at the AAAI98 Spring Symposium workshopA working paper by JF Delannoydelannoy@res.caUpdated May 5, 1998TitleAuthorTask, TechniqueComment (jfd)Ca."To build text summaries ofhigh quality, nuclearity is notsufficient", p 1Daniel Marcu, University ofToronto (now at ISI)discourse trees (RST) built, with new heuristicsResult: mixed appreciation of quality to build summary.Unclear which conclusions to draw from the results:is nuclearity is ot sufficient, what else to use, andhow to combine it? "Beyond string matching andcue phrases: improvingefficiency and coverage indiscourse analysis", p 9Simon Corston-Oliver, MicrosoftResearchanalyzer RASTA builds RST. Choice between hypotheses.Uses a subset of 13 relations. Heuristics on syntax, orderMentions Marcu, but does not give contrast with him.D"Sentence extraction andrhetorical classification forflexible abstracts", p 16Simone Teufel, University ofEdinburghMarc Moens, University ofEdinburghrecognition of functional structures (argumentative entities:goal, problem statement, conclusion, results) with anextension of Kupiec’s method . Can produce structuredabstract.structured abstracts: see Harley and Snydes-> Cohen 87 on arg trees (claim - evidence) inComputational linguistics. #13"SummarizerTool: A robustpractical textsummarization", p 26Tomek Strzalkowski, GE CRDJin Wang, GE CRD BowdenWise, GE CRDSelection of passages with mixed criteria (freq, title, NP inopening sent of par, words in only some par, beginning ofreport, cues)Then, decision to include background + delimitation of thisbackgroundTakes into account the text genre, via a DMS (DiscourseMacro Structure) template. But domain-independentJava prototypeHeuristics to retrieve main-news: frequency, title, NP in firstsentence of a par, concentration in one par, position (early),some cue phrases.Heuristics on background: force having NP early in sentence,resolve anaphor (not done), past tense and dates,distinctness in distribution (not done), proper names (??).Relevant to the Ottawa project (text genre; query-based summary + summary-based queryexpansion)Heuristics rather classicalGQ"Generating patient-specificsummaries of onlineliterature" , p 34Kathleen McKeown, ColumbiaUniversityDesmond Jordan, ColumbiaUniversityVasileios Hatzivassiloglou,Columbia UniversityQueries medical literature for patient-relevant info: matchesrelevant info with patient record. Combine all relevantsentences.Conflict resolution is simplifiedReference resolution (pronominal; later for definite anaphora)Future: rephrasing (group is strong on generation)R

TitleAuthorTask, TechniqueComment (jfd)Ca.�Advantages of Query BiasedSummaries in Informationretrieval", p 44Anastasios Tombros, Universityof GlasgowMark Sanderson, University ofGlasgowPhil Gray, University of GlasgowSummarization criteria: title, location, term frequency, andquery term frequency.Query itself is done by tf-idfFixed 15% size ratio.Evaluation shows good effect of query bias.Makes a case for query bias (see also Strzalkowski;Lin)E?Q"Assembly of topic extractionmodules in SUMMARIST", p53Chin-Yew Lin, ISI/USCSummarist: topic identification, topic interpretation, summarygeneration (keywords, extracts, template-filling, fullgeneration w PENMAN) Modularized: tokenizer, tagger, morpher (w WordNet),phraser (collocations), td-ief, clustering by similarity Topic identification with �topic signatures � (linearcombination of keywords.) REM: not text genreFuture: Proper names, anaphora, discourse structure,multilingualAlso see Madrid procs- Prob: �topic signatures� are not in fact about co-occurrences as such. Site: www.isi.edu/cyl/summarist - WordNet only used for morphology. In the future,plans to integrate Lin�s PhD on thesaurus to the topicidentification approach."Summarization evaluationmethods: experiments andanalysis", p 60Hongyan Jing, ColumbiaUniversityRegina Barzilay, Ben-GurionUniversityKathleen McKeown, ColumbiaUniversityMichael Elhadad, Ben-GurionUniversityStudy of : Agreement of human subjects, Task-based eval(e.g. in Tipster�s task of helping users categorize text afterreading summary).Unclear trendsArgue for letting benchmarked systems set their own length(vs Tipster�s imposed cutoff length)unconclusiveMaybe should include explicit semantic evaluationcriteriaS"Using cohesion andcoherence models for textsummarization", p 69Inderjeet Mani, MITREEric Bloedorn, MITREBarbara Gates, MITREStudy of cohesion (deliberate organization) and coherence(connectedness) Cohesion (cf Halliday & Hassan): anaphora, ellipsis, conj,lexical rel (reiteration, synonymy, hypernymy)Tools: MITRE�s Alembic tager, PN with SRA�s NameTag,WordNetSpreading activation (vs tf-idf and local weighting) overcohesion is found best indicator of relevanceFuture: combining coherence and cohesionD,Y"Text summarization based onthematic representation oftexts", p 77Natalia Loukachevitch, Institute ofUSA and Canada Studiesgeneralization of words w thesaurus, then selection ofpassagesgood assortments of concepts. Drab presentationT"Rewriting saves extractedsummaries", p 85Satoshi Sato, JAISTMadoka Sato, Kanazawa GakuinUniversityEdits technical newsgroup postings paraphrasing rules forconsistency, standard form, explicit headline. UsesthesaurusDemo at www.sato-jaist.ac.jp:8000/faqFuture: word-level and tree-level rewriting "Flexible summarization", p93JF Delannoy, RES InternationalK. Barker, University of OttawaT. Copeck, University of OttawaM. Laplante, RES InternationalS. Matwin, University of OttawaS. Szpakowicz, University ofOttawaComposite criteria: statistic, positional, later shallow linguist.Text genreSummary types adaptation, via linear formulae for selectionheuristicsSummary is a collage of sentencesDynamic sentence selection for better coverage overkeywords.Only partly implemented.Future:- take genre into account- refine formulae-automatic detection of text genreG

TitleAuthorTask, TechniqueComment (jfd)Ca."Summarization of Documentsthat Include Graphics", p 101Robert Futrelle, NortheasternUniversitySummarizes graphics by lumping, removing parts.Discusses salience of parts of narrative (but does not say howto select semantically)�distillation� of graphics, esp flowcharts (omit intermediatesteps, etc.)10-step methoduses a formal grammar for graphicsunclear how a graphic is parsed and how reliablyunclear how far implementedmust graphics be specially encoded ?Se?"Producing IntelligentTelegraphic Text Reductionto provide an Audio ScanningService for the Blind", p 111Gregory Grefenstette, XeroxResearch Centre EuropeContraction of text into �telegraphic� form, to pass it to aspeech synthesis system for blind people.Testing various levels of contraction (8 grids, e.g �only sobjectand object nouns, including subclauses)Not tested yet on blind peopleDemo soon available atwww.xrce.xerox.com/research/mltt/toolhom.htmlAlsoDemo of tagger at .../pos.html "Dynamic Presentation ofDocument Content for RapidOn-Line Skimming", p 118Branimir Boguraev, AppleComputerYin Yin Wong, Wong DesignChristopher Kennedy,Northwestern UniversityRachel Bellamy, Apple ComputerSascha Brawer, University ofZurichJason Swartz, Apple Computerphrasal analysisdynamic (interactive) interfacesRSVP: �document lens� overlay of focus and contextTopicsTicker: doc title, and cycling topicsViewTool: 3 vertical panels (text with highlighted passage forsituating; capsule 1 with mouse-over sensitivity; capsule 2)Seems to have good usabilityREM: Apple dissolved groupV,Se?"MINDS - Multi-lingualINteractive DocumentSummarization", p 131Jim Cowie, New Mexico StateUniversityKavi Mahesh, New Mexico StateUniversity (now with Oracle)Sergei Nirenburg, New MexicoState UniversityRemi Zajac, New Mexico StateUniversitymulti-lingual, multi-documentGenerate one summary in English or in source language(except, I suppose, when multi-lingual input texts)Core summariser criteria: syntax, doc structure, frequencies;language identification, simple doc structure (SGML, HTML)Kavi Mahesh is now with OracleSite atcrl.nmsu.edu/Research/Projects/minds/demonstrations.htmlFuture: better word segmentation, morphology, propernames, corpus statistics for normalize weighting;language-dependent doc-structure heuristics.mu,M"Evaluation of automatic textsummarization acrossmultiple documents", p 133Mary McKennaLiz Liddy, TextWiseCombinatorics of 4 parameters: query-dependent, multidoc, generated, informative/indicative.based on DR-LINK: NPs, PNouns w topic category,subject/topic, text structure, most relevant segment relativeto a query.Programmatic only: intentions.Seems more an evaluation of DR-LINK than of theproposed summarizer.R,E,M,Q"Design and evaluation of apsychological experiment ontheeffectiveness of documentsummarization for theretrieval of multilingualWWW documents", p 136Joanne Capstick, DFKI,SaarbrueckenGregor Erbach, DFKI,SaarbrueckenHans Uszkoreit, DFKI,SaarbrueckenDagmar Unz, MEFIS,SaarbrueckenAn evaluation task for european project MULINEX(multilingual retrieval).Users evaluate various types of summaries (parms: byrelevance/by theme; first n chars vs query independent vsquery dependentexperiment did not give clear conclusionsqualitative onlyQ"The generation of abstracts byselective analysis", p 139Horacio Saggion, University ofMontrealGuy Lapalme, University ofMontrealindicative selection and assembly, plus informative selectionand assemblyForte of the team is generation.Little advancement; programmaticGe"A Grounded Theory Approachto Expert Summarizing", p142Brigitte Endres-Niggemeyer,Polytechnic of HannoverAcquisition of expertise professional abstrators.Blackboard architectureKADS methodologyDemo has animations to materialize the transfer ofinformation by bees, etc.The most exhaustive and in-depth analysis of humanabstraction (520+ strategies) Book due soon (Springer), including prototype(LISP/CLOS, Macromedia)Abstractor do discourse analysis, and BEN doesdiscourse analysis on their reports.H, Y "Text Summarization BasedUdo Hahn, Freiburg Universityterminological logicformalSe,

TitleAuthorTask, TechniqueComment (jfd)Ca.on a Terminological Logic", p145Ulrich Reimer, Swiss LifeCount concepts, concept properties, relations to conceptsUses abstraction (one level up) to generalizeYields a set of topic descriptions, corresponding to a text graphhow generalizable/scalable ?Unclear how biased towards descriptions or firstoccurrencesH,Y"Connectionist Modeling ofHuman Event MemorizationProcesses with Application toAutomatic TextSummarization", p 148Maria Aretoulaki, University ofErlangen-NurnbergGabriele Scheler, TU MunichWilfried Brauer, TU MunichConnectionist approach to relate surface, syntax, semanticand context (?)Article only gives conceptual background -- no details onsystem; for this, referring to Aretoulaki 96 (PdD)Strong cognitivist claim - from surface to mentalschemataUnclear how this worksC

CategoriesCategories used in the bibliography at end of Proceedings (bib done by I Mani, D Radev, G Dias, H Jing, B Boguraev, M Kantrowitz, T Ostler, and others):REM: categories are not designed to give an additive-exclusive coverage; they overlap (technique; input; system vs eval; output).Ddiscourse modelEevaluationHmodels of human abstractorsIinformation extractionKknowledge-basedLmachine learningMmulti-documentNnarrative summarizationOoverviewPknowledge-poorSstatisticalYsyntactic analysisSuggested additions:CconnectionistFinput formatting usedGtext genresGegenerationHhypertext-builderHiHighlightingMumulti-lingualQquery-basedRalso text retrievalSesemantic representationVvisualization